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Care Partners Play a Critical Role in
ADRD Care

e Care partners provide essential support,
including:
* Coordinating medical care
* Managing medications and behavioral symptoms
* Assisting with daily activities
 Communicating with clinicians

e Care partners often identify behavioral
changes and safety concerns first, making the
care partner—clinician partnership essential.

* ADRD caregiving is especially challenging due
to:

* Long disease course
e Multiple chronic conditions
* Progressive care needs




Current Care Partner Identification is Not Scalable

National policies emphasize caregiver identification:
* CARE Act
* RAISE Family Caregivers Act

Despite policy mandates:
* Only ~50% of hospital patients were asked to identify a caregiver (2019 data).
* Caregiver assessments occur <10% of the time in primary care for ADRD.
e 40% of caregivers report providers do not know who they are.

Manual identification requires clinician time, specialized staff, and limited reimbursement, limiting
widespread implementation.

EHR-Based Care Partner Identification Enables System-Level Action
* Unbefriended patients
e Patients with unmet caregiving needs
» Safety concerns



Care Partners Are Largely Invisible in the EHR
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Only One Care Partner | . Limited Interoperability #,:
Recorded Between Settings

& Minimal Caregiving Information Captured

Only One Care Partner Recorded
+ multiple real-world caregivers involved
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Social Convoy Theory
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° Fra mework for Complex > i ,/—F Family — Closest Circle e
relat.lonshlps-glve and Daughter . Grandchild
receive care- over the —~ " Medications& Social Visits &
lifespan -':i A | Appointments Companiqnship
e g = )y
* Improved health S :
t Friend y AN : Home Health Aide
outcomes Rides, Meals . Adult Son “s.._ - Personal Care
* Reduced mortality & Outings Finances & : & Routines
: : \_----» Legal Decisions ... ' - o
* Increased quality of life -

Neighbdr"
> Household Help °
& Check-Ins




|ID-CARE Pilot Objective

Examine provider free-text notes and patient portal messages to
find diverse types of caregivers.

Develop a framework for best analyzing this unstructured EMR
and patient portal data to automate a prediction model for
caregiver identification.




Study Design and Methods

Retrospective Cohort Study

* N=789 people living with dementia
* Age 60+
* Dementia with behavioral disturbances

* Enrolled in KPCO from 1/1/2020 —
11/2/2022

e 1+ in-person or telehealth visit after initial
ICD code

 Data Sources:

e Virtual Data Warehouse — Patient data to
establish cohort

e KPCO EHR — Structured patient contact
data, unstructured notes and portal
messages

To Identify the Care Partner Network

1.

ldentification of known contacts from
structured EHR data fields

|dentification of unstructured notes
and patient portal messaging that
include caregiving text

Identification of names of potential
caregivers that are not listed as known
contacts from caregiving text



Structured Data

STRUCTURED DATA

Identify Cohort

Age, diagnoses, insurance
enrollment

Identify Known Contacts
Emergency contact; Health
Agent; Proxy; Patient
Relationship List; Guardian

Extraction — Known Contacts



Unstructured Data — Related to Caregiving

STRUCTURED DATA

|dentify Cohort Identify Notes

Age, diagnoses, insurance HIPAA pgrmanent comments,
srralimant problem list, encounter notes,
Patient Portal messages

Identify Known Contacts
Emergency contact; Health

Agent; Proxy; Patient Fiedu-:;g to in-:;lu_de only notes
Relationship List; Guardian with caregiver term

Identify Caregiver Notes




Matching Known Contacts and Caregiver Text

STRUCTURED DATA

Identify Cohort

Age, diagnoses, insurance
enrollment

Identify Known Contacts

Emergency contact; Health
Agent; Proxy; Patient
Relationship List; Guardian

Identify Notes

HIPAA permanent comments,
problem list, encounter notes,
Patient Portal messages

Identify Caregiver Notes
Reduce to include only notes
with caregiver term

Match Names and

Caregiver Text
MNames near caregiving terms




“Fuzzy” Matching Example

Search for caregiver key terms and create text snippets of 5 words before and after key term.

Known caregiver: Branden Smith

5 words prior Caregiver term 5 words after

A A

Patient asked if Brandon (her(Son) may join her appointment in two weeks.

Patient asked if Brandon (her son) may join her appointment in



“Fuzzy” Matching Example

Score each possible combination of first/last name x word in text snippet using string edit distance algorithm

Known caregiver: Branden Smith

Patient asked if@random(her son) may join her@ppointmentin

Closest first name match, score = 14 Closest last name match, score = 71

(letter replacement “e” - “0” = score 100 (closest match may not be close at all!)
Divide by word length, round down: 7, 100/7 = 14)

Other operations have different scores, e.g.,
swapping order of two letters = score 50



NLP to Identify Names of Caregivers

STRUCTURED DATA

Identify Cohort

Age, diagnoses, insurance
enrollment

Identify Known Contacts
Emergency contact; Health
Agent; Proxy; Patient
Relationship List; Guardian

UNSTRUCTURED DATA

Identify Notes
HIPAA permanent comments,
problem list, encounter notes,

Patient Portal messages

Identify Caregiver Notes

Reduce to include only notes
with caregiver term

Match Names and

Caregiver Text
MNames near caregiving terms

|dentify Name Entities

NLP annotation
Train model to identity names




Predicting Names of Caregivers

STRUCTURED DATA

Identify Cohort

Age, diagnoses, insurance
enrollment

UNSTRUCTURED DATA

Identify Notes
HIPAA permanent comments,
problem list, encounter notes,

Patient Portal messages

v
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COMPARE NAMES

Identify Known Contacts
Emergency contact, Health
Agent; Proxy; Patient
Relationship List, Guardian

Identify Caregiver Notes
Reduce to include only notes
with caregiver term

|dentify Name Entities
NLP annotation
Train model to identity names

New Name Entities
Listed >2 in EHR text

Y

Match Names and

Caregiver Text
MNames near caregiving terms

New Name Entities
Prediction model based on
location in text and caregiver
terms

.T




Table 1. Demographics of patients living with dementia (n=789)

PLWD with
Contacts/
Relations
Recorded




ldentification of Known Contacts

Table 2. Sources and Relationship Type for Known contacts




Known Contacts in Caregiving Text

Caregiver Terms Found Near Known Contact Names
by Relationship Type

Parent

g‘Ewﬂ g‘E =)
56%a
4955 49% T
. 46% 43% 43%
387 4o Child
297 Spouse
21% 179
15 132 I I I Other*

Child Spouse Other® LInknown
Relationship Type




DenominatcN

to Caregiver Term(s) in EHR Text by Text

Notes

Type

Office Online Frame
Encounter Permanent Portal
Comments Messages List

Problem

Percent Found Near Caregiver Terms by
Caregiver Term Category

Parent Child

Spouse Otherd Any

Cohort*
Known Contacts:
Contactst

Matched by First Name

93.7%
88.4%

67.8%
43.9%

46.1%
29.2%

70.8%
49.6%

46.0% 79.6%
27.0% 72.2%

56.7%
41.4%

70.8%
52.5%

94.4%
89.4%

Cohort*

Known Contacts:
Contactst

Matched by Full Name

88.2%
73.7%

48.3%
28.4%

34.7%
19.3%

54.2%
35.2%

9.8% 69.8%
4.9% 54.9%

35.0%
22.5%

34.5%
22.9%

90.1%
77.0%

New Names: Cohort*
All names found next to Namest
caregiver terms

99.2%
89.8%

36.6%
5.6%

40.6%
10.0%

24.8%
3.5%

44.6% 81.7%
9.5% 46.2%

63.8%
28.5%

80.9%
36.0%

99.2%
100.0%

New Names: Cohort*
Found next to caregiver Names?
term twice or more

86.8%
94.0%

18.9%
7.1%

29.4%
15.7%

21.5%
8.7%

30.8% 65.0%
14.4% 53.9%

48.3%
31.6%

58.2%
44.0%

88.5%
100.0%

New Names: Cohort*
Model predicted to be Namest
similar to known contacts

87.7%
93.5%

33.3%
10.1%

22.3%
7.1%

24.7%
7.0%

21.9% 81.2%
6.4% 91.4%

42.5%
16.8%

54.8%
24.5%

89.7%
100.0%

The NLP model identified 7,556 “new” names in the caregiver EHR text among 99% of the
cohort with high accuracy and reliability (F1=.85, precision=.89, recall=.82).




Discussion

* First to use name-matching and a rule-based algorithm to identify names
of care partners through patient EHR and portal messages

* Caregivers are present throughout the EHR — Caregiving information exists
across multiple EHR locations

* Many caregivers participate in care, but are not formally documented
* Relationship patterns — most often adult children

* Study Limitations: Single health system, majority White, focus on
behavioral disturbances, NLP identified names — not roles, requires human
verification for clinical use



Next Steps

* Would love to:
* Refine and further validate the prediction model

e Qualitatively review context around caregiver terms and names to improve
prediction and caregiving needs

* ldentify contact information of named care partners for
outreach/intervention

* NIA RO1 under review to update the model to identify relationship
type, caregiving tasks, and caregiving needs.
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Szwsheath Center for Home Care Policy & Research
At VNS Health

VNS Health, bz the Numbers
73,000

People in New York that

Center for Home Care Policy
& Research

Home Care Behavioral Health VNS Health impacts every day.
. Inq§pendept research center 970, 000
affiliated with VNS Health . Professional visits made in 2024
Hospice Care Personal Care while providing care to over

117,000 patients.

* Established 1993

* NIH and foundation funding Care Management Health Plans 11 ’000

Team members make up our
diverse workforce.

« Mission: Conduct objective

research that advances —
knowledge promoting the Programs and services /;$2|+ Billion
delivery of high-quality, cost- across New York. 3 o “1 nnual revenues.

effective care in the home
and community.

$69+ Million

Provided in 2024 in charitable care
and community impact programs.

© Copyright 2026 VNS Health. All rights reserved.
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DECLARE Intervention Protocol

-7, VNS Health

Dementia
Caregivers’ Link 1. Identify Eligible
to Assistance Cases

3. Upload Info to EHR

and Resources
(DECLARE)

Ongoing ePCT (embedded
Pragmatic Clinical Trial) in
home health

2. Contact Caregivers; 4. Specialized Social
Field Assessment Work

~\



-7, VNS Health

Dementia
Caregivers’ Link
to Assistance
and Resources
(DECLARE)

Ongoing ePCT (embedded
Pragmatic Clinical Trial) in
home health

DECLARE Intervention Protocol

Program runs daily to identify
new cases using existing data
warehouse elements

1. Identify Eligible Cases

caregiver information (existence,\

name, number) gathered during
scheduling process

» =13% incorrect -- doesn’t count
those we can’t reach

» Not most relevant (e.g., power of
attorney but lives out of state)

» Not complete (single point of
contact for a network of paid and

Kunpaid help — 80% have 2+ help@




-7, VNS Health

Dementia
Caregivers’ Link
to Assistance
and Resources
(DECLARE)

Ongoing ePCT (embedded
Pragmatic Clinical Trial) in
home health

DECLARE Intervention Protocol

2. Contact Caregivers;
Field Assessment
Phone call from research

team; 5-minute assessment
of relationship / burden / tasks

messaging due to compliance /
legal concerns

of law

 More nuanced in context of
(1) dementia diagnosis and

\(2) signed privacy agreement

(Phone calls rather than SMS text\

» Ongoing discussion / interpretation

J
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-7, VNS Health

Dementia
Caregivers’ Link
to Assistance
and Resources
(DECLARE)

Ongoing ePCT (embedded
Pragmatic Clinical Trial) in
home health

DECLARE Intervention Protocol

Caregiver responses uploaded
automatically as formatted
coordination note

3. Upload Info to EHR

9:30 Tue Mar18 & A= W ueE gl 100% 8
@Point{:a re Training

Demographics
GIBZZZSON, ANGELIQUE

Coordination Notes

1/31/202512:30 AM
CAREGIVING SITUATION

Information provided by the primary caregiver on 1/31/25.

Primary caregiver is experiencing high burden and feels unprepared to
care for the patient. Consider social work order.

WHO IS HELPING? The patient gets help from their daughter, Kate, who
lives with them. They also get help from a paid aide.

HOW DO THEY HELP? Kate helps the patient with personal care
(eating/bathing/dressing) & managing their health care.

WHAT IS THE BEST WAY TO REACH THE PRIMARY CAREGIVER?
Kate can usually attend home visits on Monday [8-11]; Tuesday [8-1];
Thursday [8-11; 1-4]. Kate can be reached at 555-000-1111.

OTHER CAREGIVER COMMENTS: Patient is agitated around sundown,
bad time to visit.




DECLARE Intervention Protocol

-7, VNS Health

Dementia
Caregivers’ Link 1. Identify Eligible
to Assistance Cases

3. Upload Info to EHR

and Resources
(DECLARE)

Ongoing ePCT (embedded
Pragmatic Clinical Trial) in
home health

2. Contact Caregivers; 4. Specialized Social
Field Assessment Work

Visit from dementia-trained
LSW
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Questions?

Email us @
IMPACTCollaboratory@hsl.Harvard.edu Follow us on LinkedIn
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